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2,680,000
2,180,000
-
=
1,680,000
Monthhy
Payment
:
1,180,000 []
*
680,000 =
-
]
180,000
(59.55) (69.65) (79.75) (89.85)

Age (Man, Woman)

% Mational lifetable (No Improvement) - Mational lifetable [30Year Improvement)

B Original LC {30¥ear Improvement)

Skewness LC [30Y¥ear Improvement)

<9 12> AHECIIIAE RS ZoE AYR) 11 ¥ Aww

HETEDR)

<E 3> AMRACIIAE RS} AT E AWRE) 3o 4 AF=(d9] ) v

(FAAH, JxdH) ® © ()

(5955) 4 Aga 496,350 458 420 441,970 460,540
’ H| & 1.000 0.924 0.890 0.928

(69.65) 9 Ag55 808,960 760,320 732,620 756,550
’ H] & 1.000 0.940 0.906 0.935

(7975) 4 Age 1,234,370 1,184,270 1,136,420 1,159,830
’ H| & 1.000 0.959 0.921 0.938

(89.85) 4 Ag5a 2,092,300 1,947,700 1,947,770 1,966,620
’ H]-& 1.000 0.931 0.931 0.940

D - AR ECIRABE, A A8

® - FAAFE(ZZEADE, 309 AA A 8)

AEALCARE(ZEEADE, 300 AA 48)

- NEBSLCANE(HEEATE, 304 A H8), g - @ vl W AFE

Aot FARE nedFE Yo YA 5 Ak TEE nY 4
i M BAL A8 AFALC 2Fol <% APES dE BE LCRF I
APEE FEete]l F oA ARE IF ke AFRHL QAU G ATE
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ABSTRACT

Actuarial analysis of mortality prediction model

using reverse mortgage model

SANGDAE PARK
Department of Actuarial Science

Sungkyunkwan University

As housing pension contractors continue to increase, longevity risk
management that affects both pension providers and beneficiaries i1s becoming
more important. For proper management of longevity risk, more accurate
prediction of mortality is required. To this end, this study compared and
analyzed the mortality prediction model using the reverse mortgage model, and
tried to provide various results for the supplier’'s selection of a more appropriate
model. The reverse mortgage model assumed years of life, and the Lee-Carter
model (traditional LC model) and the Lee-Carter model using skewness (LC
model using skewness) were applied as mortality prediction models. In addition,
the cohort method reflecting the improvement was compared with the current
method. The skewness-based LC model is a model that mitigates the effect of
improving the excessive mortality rate of the traditional LC model. As a result

of comparing monthly payments using the reverse mortgage model, a larger
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monthly payment was calculated than the traditional LC model. Although the
monthly payment is a larger value, it can be seen that it is meaningful that the
distortion of the longevity risk can be reduced. Through the cohort method that
reflected the additional improvement, we could see the effect of reducing
monthly payments, and applying an appropriate probability of mortality to
pension recipients, and expecting the effect of reducing the monthly payment

burden to pension providers.

Subject : Lee-Carter model, Longevity risk, Reverse mortgage model,

Mortality rate, Skew
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